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Abstract

The classificationof speechgenreis not yet an establishedaskin languagetechnologies.However we believe thatit is a task that
will becomefairly importantaslarge amountsof audio(andvideo) databecomewidely available. The technologicakability to easily
transmitandstoreall humaninteractionsn audioandvideocouldhave aradicalimpacton our socialstructure Themajoropenquestion
is how thisinformationcanbeusedn practicalandbeneficialvays.As afirst approacho this questionwe arelooking atissuesnvolving
informationaccesso databasesf human-humainteractions Classificatiorby genreis afirst stepin theproces®f retrieving adocument
out of alarge collection. In this paperwe introducea local notion of speechactvities that are exist side-by-siddn conversationghat
belongto speech-genré/hile thegenreof CallHome Spanish is personatelephoneallsbetweerfamily membergheactualinstances
of thesecalls containactuities suchasstorytelling,advising,interrogationandso forth. We are presentingexperimentalwork on the
detectionof thoseactvities usinga variety of features.We have alsoobsenedthat a limited numberof distinguisedactvities canbe
definedthatdescribesnostof theactwitiesin this databasén a preciseway.

1. Introduction

Deepnaturallangugeunderstandingf unrestrictechu-
man speechs ataskthat, for the mostpart, still falls be-
yond currenttechnology In fact, in mary situations,even
a casualhumanoverhearercannotfully comprehenduch
dialogue, particularly in corversationsbetweenclose ac-
guaintancesWhenwe inspectechumantranscriptsof our
group-meetingghe word “tagger” (asin parts-of-speech
tagger)was consistentlytranscribedas“tiger”. Insteadof
aiming for a full understandingf suchhumancorversa-
tion, we have beenattemptingto annotatediscourseat dif-
ferentlevels with shallav labels. Our goal is to identify
information aboutthe discoursethat can then be usedto
index thedialoguefor informationaccessfor applications
suchasbrowsing througha databasef meetinggWaibel
etal.,1998).In work conductedinderthe US Government
fundedCLARITY Project,we have beenfocussingon the
Call[Home Spanish database.CallHome Spanish con-
sistsof 120 telephoneconversationsof Spanishspeakers
calling from the US backto their home-country Calls are
usually 30 minuteslong. We have developedannotation
schemedor threelevelsof discoursestructure In previous
publications(Levin etal., 1998;Ries,1999a),we reported
on our annotationof speechactsand dialoguegamesand
the technologyusedto automaticallyidentify and classify
theselevels of discoursestructure. Work by collaborators
in CLARITY includedemotiondetectionand summariza-
tion. The focusin this paperis our recentwork on the
identificationof style or “activity” of longer sggmentsof
discourse. CallHome Spanish hasalsobeenone of the
databasessedfor extensive evaluationsn thelargevocab-
ulary speechrecognition(LVCSR) community We planto
makeour discourseannotationswidly availableto the re-

searctcommunityatlarge®. This papemill firstintroduce
the notionsof topic, genreandactvity, will thenmaove on
to the presentatiorof a machinelearningapproactfor the
detectionof actvities andconclude.The concretetagging
instructionsareincludedin anappendix.

2. Topic, genreand activities

Thedefinitionof topicin linguisticsis all but consistent.
A recentliteraturereview canbefoundin (Goutsos1997),
who putsspecialemphasion the fact thattopic canoften
be more reliably definedlinguistically by not referringto
the coherencef the propositionalextensionof a segment.
However in informationretrieval andin summarizatiorthe
definition of topic is purely basedon keyword coherence
(e.g.(Hearst,1997)),anarrav applicationof thecoherence
of the propositionalextension? On the otherhandthe ap-
plicationof thekeyword coherencassumptiortanbedone
in a fairly robustand generalway acrossregisters(Finke
etal., 1998)anddoesnot requiremuchfine-tuning.(Gout-
s0s,1997)himselfis moreattractedby stagingor sequenc-
ing behaiiors on the discoursdevel, however his work is
relatedto expositorytexts.

Earlier work (Longacre, 1996; Gee,1986; Labos and
Waletzlky, 1967; Tannen,1993; Egginsand Slade,1998;

Thedatabasavill likely be submittedto the LDC beforethe
conferencendis currentlyin its final processingtage.

2In the context e.g. of a discoursebetweera travel agentand
a customerplanningand booking a trip usually comesin fixed
phasesand one may wish to be ableto identify those. The key-
word basedmechanismwould completelyfail in this situation
since coherencemight actually predictcompletelywrong links,
e.g.thecity of Heidelberg asthedestinatiorwill be mentionedn
thephasewnheretheair transportatiomndthelocal transportation
is plannedaswell aswhenlodging andsightseeings beingdis-
cussed.However the main topic of eachof thesephasess very
differentanda city namemight be oneof thefew repeatedtems.



Levinson, 1979; Plum, 1988)on corversationsand narra-
tives hasalreadyfollowed this routeto someextent: De-
vicesthatsignala certainquality of discoursewereidenti-
fied andstagegarticularlyof narratveshave beenidenti-
fied. If stagingbehaiour is centralto therespectre author
the termsgenre or frame are also frequentlyused. Espe-
cially thetermgenregLabos andWaletzlky, 1967; Eggins
and Slade,1998; Plum, 1988) associates very fixed se-
guenceof stages.

(Levinson, 1979)usesthe term activities, but doesnot
elaborat@nthestagingstructureotherthanpointingto spe-
cific introductions:He is just supposinghatthe choicesof
theindividualdiscourseparticipantarerestrictecby theac-
tivity (the structural aspecbf the actvity). He alsopoints
out that besidesthe structuralaspectan actvity consists
of a stylistic aspectthat he doesnot elaboratefurther on
in his presentationConceptuallyour approachanddetec-
tiontechnologyis closeto (Levinson,1979)andit therefore
seemsaturalto usehisterm*“activity” ratherthangenreor
frame. (Linell, 1994;Linell, 1990)takesthis onestepfur-
therby looking at discourseasa joint achi&zement(Clark,
1996). (Linell, 1994)describeglifferentactvity typesby
thedistribution of speectacttypes.

Activities (80 dialogues)

Activity Count || Activity Count
Story-telling 672 || Undetermined 57
Planning 70 || Closing 22
Advising 60 || Discussion 7
Call[Home 59 || Consoling 6
Interrogation 57

Orthogonaknnotation4967 segmentsn 80 dialogues)

Evaluation | Count || Whoorwhat Count

positive 50 || speakeA or speakeB 49
only

negative 56 || speakerA and speaker| 271
B only

divergent 7 || other people (may in- 401
cludeA orB)

neutral 854 || practicaltopics 135
politics 14
other 59
unknowvn 38

Tablel: Activity statistics: Out of 80 manuallyannotated
dialogueswe hare measuredhe distribution of the main
actiity types(uppertable). We also calculatedhe evalu-
ationsand a manualcategorizationof the “who or what”
orthogonakategories(lowertable).

Initially we were attemptedo apply a codingscheme
similar to (Egginsand Slade,1998) sincethey have also
beenworking on gossip.However, we discoveredthattheir
definitionswerehardto applyto personatorversationde-
tweenfamily members. Additionally we believed that —
evenif we wereableto annotatehis classificatiorby hand
— thatwe would notbe ableto applyautomaticdechniques.
Thetwo mainreasonsvere:

e gossipis markedasthird personoriented(Egginsand
Slade 1998)while we have foundnumerousxamples

of discoursehatlookedlike gossipbut wasfirst per
sonoriented.Also we have notfoundalot of sggments
thatcontainexplicit evaluations.

o thedifferenttypesof storytellingareonly distinguish-
able by looking at very fine distinctionsat turning
points in the corversation. Inspectingour datawe
have foundit difficult to makethosefine distinctions
by handandwe found the resultinglabelingcounter
intuitive.

We thereforedevised a tagging schemethat assigned
one major catgory to eachseggment(Fig. 1). Addition-
ally we attacha positive/neyative/divergent/neutal evalua-
tion annotatiorto eachsegmentandidentify the main per
son/objecf the conversation.Gossip,asdefinedby (Eg-
ginsandSlade 1998) thereforecorrespondapproximately
to a story-telling segmentwith a negative evaluationabout
athird person.

3. Detection of functional activities

We have been investigating machine learning tech-
niguesfor the automatiddentificationof functionalactii-
tiesfrom taggeddata. So far we have simplifiedthe prob-
lem somevhat by assumingthat the dialogueis presg-
mentedandonly the correctactiity label hasto be deter
mined andassigned.The problemof seggmentingthe dia-
logueinto actwitiesis discussedn Sec.3.2.

3.1. Annotating functional activities

We arecurrentlyonly attemptingo assigrthe majorla-
bel of the functionalactvity suchasstorytelling,we have
not attemptedo tuneour classifierdor the otherproblems
but rather report out-of-the-boxperformancedor those.
This taskhasalreadyturnedout to be fairly hard. Out of
a numberof differentmachinéearningtechniquegneural
networks naive Bayes supportvectormachinesk-nearest-
neighbor decisiontrees)thatwe have successfullyapplied
to otherautomaticdiscourseannotatiorntasks(speectacts
and dialoguegames),only neuralnetworkswere able to
deliver resultsbetterthanpicking the mostlikely category.
Theinput featurespaceconsistof

¢ interactionalfeatures(such as pausesand speaker
overlap)

¢ word level information
¢ dialogueactinformation
o dialoguegameinformation

o stylisticinformationderivedfrom thewordlevel using
regular expressionsndshallov parsing®

Additionally, we use an ngram induction technique
that is relatedto maximum entropy modeling and that
allowes us to integrate discriminatory phrasesvery effi-
ciently (Pietraet al., 1997). Most of the count values

3We arethankfulfor usingthe shallov grammardevelopecby
KlausZechnermandto DonnaGatesnvhodevelopedSpaniststylis-
tic features.



are mappedwith a logarithmic function, mostmodelsre-

ported below are thereforeequivalentto a multiplicative
model. Modelswith hiddenlayersdid notimprove perfor

mance. Using “vanilla” speechacts(traditional DAMSL-

speechacts(CoreandAllen, 1997; Jurafsk et al., 1997;
Stolckeet al., 1998)) we did not seeary improvements.
However, whenwe usedthe enhancementi® our tagging
schemesuchasasfuture statementsyaluejudgmentscer

tainty andhypothetical§Levin etal., 1998;Thyme-Gobbel
andLevin, 1998)we sav improvementsrom speeclacts.
Currentlywe arealsopreparingheuseof prosodideatures
suchaspitchandpower contourgnto thefeatureset.

The annotationresultsreportedbelov have beenob-
tainedon just 520 actvity segmentscorrespondingo 40
conversations.The basicstatisticsreportis on therecently
completeddatabasef 80 corversationsandwe hopethat
the detectionresultson the larger databas@areimproved —
the relative frequencief actvities stayedapproximately
the samefrom the original setof 40 corversation.Thisis a
relatively small numberof tokensgiventhe compleity of
the classificatiortask. As it turns,out we canmakeuseof
handannotatedactiities but usingword basedegular ex-
pressionshatmarkstyle(designedimilarto (Biber, 1988))
we wereableto approacha goodinitial resultwithout the
dialogueact or gameclassification(Tah 2). The largest
contritutor to the error rateis the distinctionbetweersto-
rytelling otheractvities (Tah3 and4). Finally we tried to
detectthe orthogonalevaluationattribute but our work in
this directionhasbeenpreliminarysofar (Tah 5).

Features Accuray in %
baseline 67.7
wordsperchannel 68.5
+ stylistic 69.3
wordsperchannel 68.5
+ dialogueacts 68.7

+ games 70.2

+ 50 gamengrams 70.6

Table 2: Activity detection: Using neuralnetworkswith
no hiddenunitswe have achieve areasonabléetectiomac-
curag.

3.2. Thesegmentation problem

Thetopic sggmentatioralgorithmproposedy (Hearst,
1997)is basedon the ideathat eachsegment should ex-
hibit a uniform vocalulary profile. Using unigramcache

manual automatic
storytelling other
storytelling 300 50
other 87 84

Table 3: Storytelling detection: Discriminatingbetween
storiesandnon-storiexanbe doneat a 73.7%level while
67%is thebaselineesultjust picking storytelling. This re-
sultseemgo bethelimiting factorfor theactvity detection
results.

manual automatic
negatve neutral positve
negative . 28
neutral 2 290 2
positive . 24 2

Table5: Evaluation detection: We have not focussedn
this problemat all but the currentdetectionresultsarejust
thebaseling84.4%).

models(Kuhn and de Mori, 1990) this may thereforebe
formulatedasfinding a sggmentationS for theword string
W suchthat

mazsp(S|W) = mazsp(W|S)p(S)

Assumingthat the topics are independenthgeneratedve
cansimplify

p(W|S) = Hp(Wi)

wherelW; is theith sggmentin S andp is aunigramcache
model. In (Hearst,1997) only the keywords are enter
ing into W. This approachcanobviously be generalized
to include other featuresthat are likely to stay constant
acrossone sgment. One could e.g assumehat initiative
staysconstantaicrossa sggmentandthereforethe streamof
speaketidentiesor dialogueact/speakepairs may be us-
ablewith cachesaswell. We have foundthatthis feature
alonegave performanceesultssimilar Hearsts approach.
Other potential featurescould be the likelihood of topic
word occurenceindicatorsof syntacticcompleity or ary
of the otherfeaturesusablefor actvity detection.We have
notintegratedthesetwo systemget.

4. Conclusion and Outlook

The information accesgproblemto human-humarin-
teractioncouldbeoneof the biggestupcomingchallenges
to languagetechnologies.In this paperwe add one new
facetto thedetectiorof high-level featuref humaninter-
actions thedetectiorof sub-dialogudevel actuities.

Althoughtheresultsindicatethatautomaticactiity la-
belling is very hard, we found that information from the
(enhancedypeechact andgamelevel aswell asfrom the
word level helpsthe classification.In otherwork we have
shavn that detectingbroadergenreor register differences
is areally easytask, e.g. betweendifferentcorpora(Ries,
1999b). Currently we are also classifying different TV
shaw types,we arethereforemappingthelimit of thistech-
nology. It is alsonot clear at what level this technology
is usefulfor informationaccess Quantifyingthe utility of
discourseinformation is part of our currentinvestigation
andevenif discoursenformationis notmuchmorehelpful
thenkeywordbasednformationit mightbeeasierto obtain
from actualaudiodata.

We have alsoseerthatwe cangetaway by mostlyusing
word level featuresin combinationwith stylistic features.
The adwantageof detectingactiity labelsfrom the word
level (includingstylistic features)s thatno additionalclas-
sificationproblemneedgo be solved. We believe thatthis



manual automatic
advising closing discussion planning
callhome consoling interrogation undeterm.
advising | 12 7 . 1 4 7
callhome| 4 25 1 2 1 4
closing | 1 2 4 . 1 1
consoling| - 1 . 1 .
discussion| 1 . . 2 1
interrogation| 1 2 17 1 5
planning | 6 4 1 11 6
undetermined, 2 10 7 3 12

Table4: Activity detection excluding storytelling: While this detectiontaskis far from beingsolved (47.4%ata 21.6%
baseline)t seemghatthe actiity detectiontaskexcluding storytellingis far moretractable.

is mostly dueto the fact thattherearetoo few speechacts

or gamesgper sgmentto makeeffective useof them. The

adwantageof building modelsfrom the speechactor game
level would be thatthey might translateacrosslanguages
andregisters.

Ourexperiencalemonstratethe necessityf building a
numberof compatibleresource$or onedatabaseWe have
foundthatit is necessaryo understandhe interactionbe-
tweenthe codingscheme®f differentlevels of discourse,
and that the presenceof the variety of discourseannota-
tions allows us to produceinterestingcomparableesults
for avariety of methodsquickly.
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A Activity annotation in Call[Home Spanish

An activity is a unit of the discoursevherea fixed pat-
ternedactiity is present.This actvity may comein sepa-
rate stagesandin standardizedituationsactiities canbe
seenlike “rituals”. Theway, anargumentis presentedn a
courtroomis a prototypeof this. Someondelling a story,
peoplegossipingor planningsomethingare otherstandard
examples.All of theseactiitiesareculture and register de-
pendent althoughtheir functionsin the cultural or register
contet might be similar. However the meansfor commu-
nicatingthesemightbevery differentacrosgegisters.E.g.,
two peoplegossipingin Spanishmight be very different
from two peoplegossipingin Japaneseglthoughthey are
both exchanginginformationaboutacquaintanceand ex-
changevaluejudgments.Or e.g.,a motherplanninga trip
with hersonto the mall might be very differentto the start
of acivilian airlineror thecorrespondendeetweernndivid-
ual soldiersplanninganattack. Whatthesesituationshave
in commonhowever is thatthereis critical informationthat
needgo betransportecandagreeduponto achieve a suc-
cessfuktommunicationThis manuatriesto achieve anini-
tial steptowardsdefiningfrequentactivitiesin CallHome
Spanish. Activities have sofar only beendescribednore
explicitly for narratves and recentlyalsofor someother
types(EgginsandSlade,1998).

Ragister however describesa more broadvariation of
discoursestyle. While a actvity segmentmay be sum-
marizedin somestandardizedorm asto what hasbeen
achieved in that sggmentthe length of a registeris more
undeterminedSpecificallytheregisteris notreally chang-
ing in CallHome Spanish asfar aswe have obsered so
far: Thereare alwaystwo or more closefamily members
chattingover the phone. A variationthatwe would deem
more relevant for a changein registerwould e.g. be the
differencebetweera TV game-sha anda news broadcast.

Within oneactvity sggmentonewould usuallyassume
to have oneor maybemultiple thingsthatarebeingtalked
about.Sometimeshereis aseparatsggmentattheendof a
actiity —especiallyin storytelling —wherediversethemes
arebeingtouchedupon.Anothercharacteristiof aactivity
segmentis that the rolesassumedy the speakersisually
don't change:n a story-tellingsegmentone speakeis of-
ten dominantlytelling the story whereasthe otheroneis
usuallyassuminga supportize role: In this sensahe activ-
ity is governingthe generaloptionsof the participants.In
CallHome Spanish we canalsoobsere a secondclassof
storytellingwherethe storyis beingtold in a collaborative
way.

To easethe taggingand also sincewe have beenob-
servingthat thesedecisionswould be hardto makeother
wise we have decidedto have an orthogonaldimensionto
actwity-type, namelythe evaluation. In an evaluationthe
speakerpresentheirvaluejudgmeninthepeopleor mat-
terunderscrutiry. Anotherorthogonadimensionwe intro-

duceds the“who or what” functionthatdescribesvhatthe
primary subjectsor objectsthat are being discussed.Ac-
cordingto (EgginsandSlade 1998)gossipwouldtherefore
be a story-tellingsegmentthat containsevaluationsandis
aboutotherpeople. We decidedto factorthoseissuesout
for a coupleof reasons:in mostseggmentswe would have
intuitively definedasgossipwe have foundlittle or no eval-
uation. The gossipin CallHome Spanish is usually not
explicitly usedto constructcommonbelieves andvalues,
as (Egginsand Slade, 1998) have found in their data. It
may however be servingasa socialsignalthatonecanof-
fer gossipaboutsomeoneelse sinceone is still in touch
with thosevery people. The otherissueis that thereare
sometimesegmentsthatlook like gossip— actually often
containingexplicit evaluations- thatconcernthe speakers
proper

Al. Main categories

Storytelling In (Eggins and Slade, 1998) a variety of
waysto presenta story aboutsomeoneor somethingare
presentede.g. storytelling, recount,narratve and exem-
plum. We found it extremely difficult and unintuitive to
apply thosedistinctionsin our databaseSinceour goalis
to find knowledgethatallows usto navigatein a database
we figurethatonly veryintuitivenotionswill sene ourpur-
posesApartfrom this economiaconsideratiorntheindivid-
ual signalsonewould have to evaluateare extremely am-
biguousandnotverywell representedn the surfaceof the
conversation. Additionally the regular expressionthat are
classicallyusedto definethosedifferenceseemto be get-
ting arbitrarily complex anddo not correspondo our intu-
ition arymore. Sinceoneof ourgoalswasto stickto surface
cueswe have decidedto abandorthesedistinctions.

A strongcuefor astorytellingactvity arethefollowing
subpartdn a story; usuallyin this defaultsequencewhere
all elementsare optionalor repeatabléLabos and Walet-
zky, 1967;EgginsandSlade,1998):

1. abstract/introduction

2. orientation(initial partof story)
3. complication

4. evaluation

5. resolution

6. coda(a final wrap-upsectioncontainingrelatingthis
story to other things, finding the next topic to talk
aboutetc.)

In mary situationsve alsofind appraisal#n storytellingac-
tivities. In moststorytellingactvities onespeakeis domi-

nantandassumesherole of the storyteller Therearetwo

otheroptions: Both aretelling the story collaboratvely or

onespeakebasicallytriggersthe otherall thetime to con-
tinuethe storyandmight thereforeusea lot of the channel
while notbeingthestoryteller



Planning Planningis aactvity wherepeopletry to figure
out the courseof somefuture eventsthey areintendingto
engagen. Planningalsotypically entailsa mutualcommit-
mentto carry out the plan thatwasagreedupon. In Call-
Home Spanish planningtypically relatesto trips/visits,
careerchangesand moving homes. Evaluationsare very
rarein planningandwe have notidentifiedsubstructurén
planningactities.

Discussion Discussionsare mutual exchangesof infor-
mation on a certaintopic, often coupledwith appraisals.
The discussioris differentfrom the storytellingactvity in
thatthereis not just onecentralstorythatis beingtold and
thattheexchangds usualmutual. Topicsof discussionsn
CallHome Spanish areusuallynews, sportsandpolitics,
rarelyacquaintances.

Advising In anadvisingsggmentonespeakeis giving —
solicitedor unsolicited— adviceto the listenerabouta spe-
cific situation,usuallya personamatter It usuallyincludes
instructions(weakor strong,commandsandrecommenda-
tions). The specificfunction of this actwvity is to express
the speaker®pinion abouta ratherpersonalissueandtry
to makethe otherpersonfollow thatadvice. The adviceis
usuallyofferedby the speakemwho is morematureor has
thehigherauthority Evaluationsarerarein this cateory.

Consoling Consolingis a actwity that describedasone
speakegiving emotionalsupportto thelistenerin timesof
personamisfortune(adivorce thelossof afamily member
an accident). We decidedto include also situationswere
onespeakers praisingthe othersincethisis similaronthe
surfaceof the conversationrandhardto determine Thereis
little or no evaluationin this cateory.

Closing Thefunctionof closingis to endanextendedlis-
coursesggmentbecause¢he speakemwantsto move on and
talk to athird personor justto endthe whole conversation.
It usually includesall the greetingsand farewvell expres-
sions. Thereareno well definedtopicsandthe utterances
are usually short, but the actuity itself canbe long. This
is especiallycommonin the CallHome Spanish database
sinceendingcornversationsn Latin Americancountriesare
boundto a setof rulesof courtesy Thereis no dominant
speaketin thesediscoursesegment,but ratheran interac-
tive exchangeof faravell expressionsEvaluationsarerare
in closings.

Interrogation An interrogationds characterizeas ob-
taining informationthroughthe useof questions.Thereis
onedominantspeakervho initiatesanddominateghecon-
versation the otherspeakervould usuallynot have volun-
teeredthe informationin anothersituation. The questions
areintendedto get specific— usually personal- informa-
tion from the otherparticipantin the conversation.There-
sponsego the questionsare usually shortand are limited
to answerthe questionsThe passie speakedoesnot take
thefloor of thecorversationthroughhis/heranswersThere
areusuallyno appraisal@ndevaluationsandtheactvity is
rarein CallHomeSpanish.

Call[HomeRecording TheCallHome Spanish database
containssegmentsthat are directly and obviously gener
atedby therecordingernvironment. Typical topicsare: The

lengthof time thatthe speakerdave availablefor talking,
the purposeof the phonecall, whetherthe phonecall is
free,whetheror notthe speakersrebeingrecordedandfi-
nally how they foundoutaboutthefreephonecalls. In one
extremeexamplethe overhearers explicitly addressednd
educate@boutSpanistphonology

Undetermined Discoursesegmentsthat areincomplete
dueto the sggmentationof the transcript,especiallywhen
not enoughmaterialis availableto makean actvity deci-
sion. Somediscoursesggmentsare also labeledundeter
minedwhenthe participantdn the cornversationpurposely
exchangeinformationin codesor use languagethat can
have multipleinterpretation@ndmakeit, thereforejncom-
prehensibldo thetagger This actwvity is quite commonat
theendof the conversationandat the beginning.

A2. Orthogonal activity attributes

Evaluation Evaluationscanbe usedfor people relation-
shipsor behaiors. Evaluationsof events,incidents tangi-
ble thingsor socialconstructshowever will notbemarked.
The original goal of markingevaluationss to discriminate
betweenneutralstoriesthat are beingtold and storiesthat
have more gossipcharacter The evaluationsthat we are
markinghave to be explicit on the surfaceof the conversa-
tion. Otherevaluationsareusuallyvery hardto decidedas
anoverhearesowe left themunmarked.

A dialoguecan be markedas neutral (no tag), posi-
tive,nggative evaluationby atleastonespeakeor divergent
evaluations.

Who or what Thewho or whatfeatureis orthogonalto

the otheractvity features.It is meantto capturethe main
object/subjecthatis beingdiscussedln CallHome Span-

ish thisis in for the storytellingactiities usuallya person,
for the planningsectionftenatrip to someplaceetc. The
“who or what” would have beencalledthe atomicor dis-

cretetopic by (Goutsos,1997): This may seemto contra-
dict ourfocuson “how” somethings presentedHowever

thereseemto be canonicalwayse.g. in storytellinghow

to introducepeopleasa topic for the discoursevhich may
leadto simplealgorithmsfor identifying thesetopicswith-

outadeepanalysis.



